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Abstract: Naphthenic Acids (NA) are important oil extraction subproducts. These chemical species
are one of the leading causes of marine pollution and duct corrosion. For this reason, understanding
the behavior of NAs in different saline conditions is one of the challenges in the oil industry. In this
work, we simulated several naphthenic acid species and their mixtures, employing density functional
theory calculations with the MST-IEFPCM continuum solvation model, to obtain the octanol–water
partition coefficients, together with microsecond classical molecular dynamics. The latter consisted of
pure water, low-salinity, and high-salinity environment simulations, to assess the stability of NAs
aggregates and their sizes. The quantum calculations have shown that the longer chain acids are more
hydrophobic, and the classical simulations corroborated: that the longer the chain, the higher the
order of the aggregate. In addition, we observed that larger aggregates are stable at higher salinities
for all the studied NAs. This can be one factor in the observed low-salinity-enhanced oil recovery,
which is a complex phenomenon. The simulations also show that stabilizing the aggregates induced
by the salinity involves a direct interplay of Na+ cations with the carboxylic groups of the NAs inside
the aggregates. In some cases, the ion/NA organization forms a membrane-like circular structural
arrangement, especially for longer chain NAs.

Keywords: naphthenic acids; molecular dynamics; MST-IEFPCM; log P; aggregation; solvation;
salinity

1. Introduction

Naphthenic Acids (NAs) are one of the components present in petroleum. Therefore,
considering water separated from petroleum during a produced step (called produced
water), the presence of naphthenic acids is a significant concern. Furthermore, the toxicity
of these species can affect marine life [1,2] and is one of the causes of ducts and extraction
machinery corrosion [1,3–6].

NAs are carboxylic acids with or without cyclic chains and are usually present in the
oil in different amounts. However, in the petroleum industry, it is very common to include
all kinds of acids and call them naphthenic [7]. Some Brazilian crude oils have a high Total
Acid Number (TAN), and NAs are commonly found in the reserves [8,9]. Recently, Porto
et al. characterized the NAs of the Brazilian oil reserve by chromatography, separating them
by the number of carbons and saturation, represented by the Double Bond Number (DBE)
plus the z number [10]. A similar composition was also observed in produced water from
Norwegian offshore oil platforms [7]. However, considering OSPW (oil sand produced
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water) from Canada, the naphthenic acid portion has a more complex composition, not
limited to carboxylic acid species [11].

Computational studies of petroleum components are essential to determine the prop-
erties of these compounds in different conditions. They have focused on all the steps of
petroleum extraction, from corrosion studies to propositions of depollution and evaluation
of environmental effects [12,13]. Asphaltenes and wax are the most studied components
of petroleum. In some cases, computational and experimental studies are combined to
improve the understanding of the interactions and reactions that occur in those systems
and improve petroleum flow assurance and production methods [14–21].

NA separation has been studied both by experimental and computational methods.
Some behavior of the NA was studied computationally in the literature, using quantum
and classical methods to reproduce the NA properties [22–26]. In a previous computational
study [27], we employed Molecular Dynamics to evaluate the interaction of three different
NA (all with 14 carbon atoms) with a micelle. Alicyclic NAs intercalate with surfactant
enhancing the micelle absorption capacity.

In the present work, we study the behavior of different NAs in aqueous environments
with different saline concentrations. We aim to quantify the partition coefficient and the
aggregation properties, employing quantum chemical solvation models and molecular
dynamics (MD) simulations. Several simulations were performed for the primary six
types of NAs present in Brazilian petroleum, as shown by a previous chromatographic
study [10]. This study aims to characterize the impact of marine salinity conditions on the
aggregation tendencies of different NAs and rationalize these properties regarding the NAs’
hydrophobicity. This understanding will be valuable to develop technologies able to clean
marine water near petroleum extraction spots polluted with these species and mitigate
the corrosion of extraction machinery induced by them. Moreover, we can relate the NAs
behavior to low-salinity-enhanced oil recovery mechanisms, as the acidic components of
the oil could be released and dragged for extraction.

In the present contribution, we discuss the results of quantum chemical continuum
solvation calculations aimed at assessing the hydrophobicity of several NA species through
estimates of their octanol–water partition coefficients. The aggregation propensities of the
NAs are obtained from classical MD simulations at different salinity conditions. Together,
both techniques showed that longer chain acids are less hydrophilic and have more ten-
dency to form higher-order aggregates. In addition to pure water, high and low-salinity
water was simulated. We could show that larger aggregates are more stable at higher
salinities, whereas the stable aggregates in low-salinity and pure water were smaller. These
findings can be related to low-salinity-enhanced oil recovery strategies.

2. Materials and Methods
2.1. Quantum Chemical Continuum Solvent Calculations

In this work, we study a set of NAs compatible with the compositions observed in
previous work considering the Brazilian scenario [10]. Based on gas chromatography
coupled to mass spectrometry, this study demonstrated that the most common acids in
crude oil are those shown in Figure 1. In such NAs, the carboxylic acid can be bonded
to the ring or in the final part of the aliphatic chain; in the present study, we focus on
the former, as we aim to assess the impact of changing salinity conditions and chain
length/hydrophobicity on the aggregation properties of NAs.
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and n-octanol at the B3LYP/6-31G(d)-IEFPCM-MST level of theory, as implemented in 
Gaussian16 [32]. Next, all the minima were verified by vibrational frequency calculations. 
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Figure 1. Molecular structure of the studied naphthenic acids: (a) c9, (b) c10 aromatic, (c) c10, (d) c11,
(e) c12 and (f) c14.

The hydrophobicity of the NAs under study was explored using the MST-IEFPCM
continuum solvation model developed in Barcelona [28,29]. In particular, the hydrophobic-
ity was computed based on the octanol–water partition coefficient of the NAs, the log P.
The MST-IEFPCM model has recently been assessed for the prediction of log P in the Statis-
tical Assessment of Modeling of Proteins and Ligands (SAMPL) series of blind predictive
challenges. In particular, the MST model showed excellent accuracy compared to other
physics-based methods in SAMPL6 and SAMPL7 [30,31].

To estimate the partition coefficients, first, all geometries were optimized in water
and n-octanol at the B3LYP/6-31G(d)-IEFPCM-MST level of theory, as implemented in
Gaussian16 [32]. Next, all the minima were verified by vibrational frequency calculations.
Then, single-point calculations were performed in a vacuum to estimate the solvation free
energy in water and n-octanol, both for the neutral and the ionic species. Finally, from these
solvation free energies, the partition coefficients were computed using the following relation
(Equation (1)) with the transfer of free energy among the two solvents. The distribution
coefficient (log D) was calculated based on the log P of the neutral species (log PN) and of
the ionic species (log PI), as shown in Equation (2), where the δ = pH− pKa for an acid [33].
We adopted a pKa of 4.9, as determined experimentally for similar naphthenic acids [34].

log P = −∆∆Gsolv(wat→ oct)
2.303RT

= −∆Gsolv(oct)− ∆Gsolv(wat)
2.303RT

(1)

log D = log
(

PN + PI ·10δ
)
− log

(
1 + 10δ

)
(2)

2.2. Molecular Dynamics Simulations

We performed MD simulations for each NA, as shown in Figure 1, and for a mixture
of NAs. Each system was prepared by solvating 60 NA molecules on an octahedral
box. For the mixture, 10 NAs of each type were included, giving a total of 60 NAs. The
simulations for each system were performed under three conditions, including pure water
or saline solutions. We chose the following values of NaCl concentrations to screen different
possibilities of salinity:
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• 35 g/L—called here “low salinity” solution, comparable to injection water salinity; and
• 90 g/L—called here “high salinity” solution, comparable to the salinity of some pre-

salt regions.

Thus, 21 systems were prepared, with the boxes having a volume of ~1 × 106 Å3, as
shown for the NA mixture system in Figure 2. All boxes were constructed with Packmol [35].
We used the GAFF2 force field [36] and RESP atomic charges [37] obtained at the B3LYP/6-
31G(d) level of theory to model the NA molecules. We also used the TIP3P water model
and the ion parameters developed by Joung and Cheatham [38]. All simulations were
prepared and run using the Amber 20 suite of programs [39].
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Figure 2. Example of an initial box of the NA mixture simulation with 60 NAs, 10 of each type (water
molecules were omitted).

After an initial minimization, all systems were heated and equilibrated from 50 K to
300 K by running 50 ps NVT and 50 ps NPT simulations at 1 bar. Then, we extended the
simulations for 1 µs with the NVT ensemble for production purposes. All simulations were
performed using an integration time step of 4 fs by adopting the hydrogen mass repar-
titioning scheme developed by Roitberg and co-workers [40], together with the SHAKE
algorithm to restrain all bonds involving hydrogen. In addition, we employed periodic
boundary conditions and the particle-mesh Ewald approach to account for the long-range
electrostatics and a non-bonded cutoff equal to 10 Å. Data were collected every 0.01 ps
along the trajectories, and the analyses were made using Amber’s cpptraj tool [41].

In order to analyze the data in detail, we wrote a Python code that calculates some
key indicators to quantify aggregation properties along the MD trajectories based on
the separation between the NAs. In the code, different NAs were included in the same
aggregate whenever the distance between any two atoms of the NAs was lower than 4 Å.
Then, for each frame of the trajectory, we calculated: (i) the percent of NAs aggregated and
(ii) the number of NAs in the largest aggregate.
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3. Results and Discussion
3.1. Hydrophobicity of NAs

The aggregation properties of organic molecules depend critically on their hydropho-
bic/hydrophilic properties, the critical quantity being the balance between intermolecular
interactions established and the desolvation cost associated with the formation of aggre-
gates. Therefore, a relevant physicochemical property associated with a molecule’s intrinsic
hydrophobic/hydrophilic character is its octanol–water partition coefficient, and the distri-
bution coefficient, which takes into account all possible protonation states of the molecules
in the water and organic phases. In the following, we present the results for the octanol–
water partition and distribution coefficients as a function of chain length and aromaticity
of NAs.

In Table 1, we report the results of the octanol–water partition coefficients of the
neutral and ionic forms of the NAs (log PN and log PI, respectively) and the corresponding
distribution coefficients (log D) calculated for each NA molecule using the IEFPCM-MST
continuum solvation model at the B3LYP/6-31G(d) level of theory. Negative log P/log D
values indicate a preference for the water phase compared to the organic phase for that
molecule. In a previous study [27], we showed through explicit solvent simulations that
the neutral protonated c14 presents an amphiphilic behavior in water-oil interfaces, with a
greater preference for organic solvents. In this study, we are interested in aqueous solution
phenomena, so all studied molecules were considered in their anionic deprotonated state in
explicit solvent simulations, as will be shown in the next section. However, our continuum
solvent calculations support our previous findings, with neutral c14 displaying a clear
hydrophobic character with a log PN value of 4.81.

Table 1. Octanol–water partition coefficients (log P) for neutral (N) and ionic (I) species, and distribu-
tion coefficients (log D) of the naphthenic acids calculated using the IEFPCM-MST B3LYP/6-31G(d)
continuum solvent model.

NA Type log PN log PI
log D

(pH = 7)
log D

(pH = 8)

c9 2.26 −2.14 0.16 −0.82
c10 aromatic 2.41 −2.02 0.31 −0.67

c10 2.78 −1.62 0.68 −0.30
c11 3.26 −1.16 1.16 0.18
c12 3.81 −0.63 1.71 0.73
c14 4.81 0.41 2.71 1.73

Our results in Table 1 show the impact of the chain length on the NA partition
properties. The overall effect is a net increase of the hydrophobicity by 2.5 log P units
when going from c9 to c14, a trend similar to the log P of the neutral or ionic forms and
maintained in the log D values calculated at a neutral pH, or at the pH value of seawater,
pH = 8. This trend arises from a variation of the water to octanol transfer free energies
of −3.5 kcal/mol when going from c9 to c14, a change almost identical for neutral and
anionic forms (data not shown). This variation arises from an increase in solvation free
energies in water by +0.6 kcal/mol when going from c9 to c14, the longest-chain NA, and a
corresponding decrease of −2.9 kcal/mol in n-octanol. Such variations can be explained
given that hydration free energies decrease with increasing chain length due to attenuated
electrostatic solute–solvent interactions. Still, this trend is reversed in n-octanol, as solvation
energies increase due to increased dispersion-repulsion interactions with the solvent, given
the stronger impact of non-electrostatic contributions in the organic phase. As can be seen,
the aromatic character of the ring has a non-negligible effect on the hydrophobicity, as
log P/log D is increased by 0.4 in c10 compared to its aromatic analog.

Havre and co-authors [34] studied the oil–water interfacial behavior of some naph-
thenic acids, including partitioning the undissociated acid between the phases and the
dissociation of carboxylic acid in the water phase, as the oil phase favors the protonated
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species and water the unprotonated one. Our calculations are in excellent agreement with
these experiments in terms of log P values and the corresponding trend as a function of
chain length. Indeed, upon addition of ~4–5 carbons, measured log PN values for NAs with
one, two, or three rings increased 1.9, 2.6, and 2.3 units, respectively, with log PN values
ranging from ~2.2 for 10 carbon NAs to ~4.1 for 14 carbon ones. These values are all very
close to our results in Table 1, with a similar increase in log P by 2.5 units when going from
a system with 9 carbons to a system with 14 carbons.

3.2. Aggregation Propensity of NAs

In this section, we analyze the aggregation propensity of the NAs in different saline
conditions, closely resembling those found in extraction spots at sea. To quantify the
aggregation degree for the different NAs, we estimated different parameters, including the
percent of NAs aggregated and the number of NAs in the largest aggregate.

In Figure 3, we report the evolution of the aggregation percentage along the MD
trajectories for the six NAs under study at different saline concentrations, including pure
water, at NaCl 35 g/L and NaCl 90 g/L. Our results indicate that both the chain length and
salinity conditions strongly facilitate the aggregation of the NAs. In the simulations at NaCl
90 g/L, all NA types aggregate after 100–200 ns. If the salt concentration is reduced to NaCl
35 g/L, the c9 (Figure 3a) and c10 aromatic (Figure 3b) NAs only form dimers and trimers
along the simulation. Still, they do not lead to larger aggregates, and the aggregation
percent fluctuates between 20–30%, a trend explained by their higher hydrophilicity shown
in Table 2. In contrast, all other NAs still lead to aggregates characterized by values over
90%. When the salt is missing in pure water, only the most hydrophobic NAs c11, c12, and
c14 lead to aggregates in the simulated time.

The second property to facilitate the aggregation is related to the NAs composition.
These acids have an amphiphilic behavior due to the alkyl chain and the negative charge
on the carboxylic group. In pure water and low salinity solution, aggregation is more
evident from c11 to longer acids. In Figure 4, we report the number of NAs in the largest
aggregate (from a total of 60 NAs per box) along the trajectories. For c11, c12, and c14
(Figure 4d–f), the largest aggregate progressively includes almost all NAs in the simulation
box. This trend is also consistent with the increased hydrophobicity of these compounds,
as discussed in the previous section.

We now focus on the NA mixture, which contains all six types of NAs. In Figure 5,
we report the evolution of the aggregation percent and the size of the largest aggregate
along the MD trajectory for this system. The observed trends are similar to the simulations
performed for single NA types, although we found more frequent transitions between
aggregated and less compact states. Indeed, in pure water, the largest aggregate size reaches
a value ~35 after 500 ns, but frequently fluctuates between this value and ~15–20 afterward.
At NaCl 35 g/L and 90 g/L, the largest aggregate forms much faster, in ~100 ns. How-
ever, the maximum aggregate size still fluctuates along the trajectories between values
~50–60 and ~20–30, indicating that the largest aggregate often separates into two similar
smaller aggregates.

Table 2. Percentage of aggregation for the NAs averaged over the last 500 ns of MD trajectory.

NA Type Water Low Salinity Solution High Salinity Solution

c9 19.5% 29.4% 93.0%
c10 aromatic 21.0% 29.7% 85.0%
c10 32.7% 93.5% 98.1%
c11 81.3% 98.5% 99.4%
c12 94.1% 99.6% 100%
c14 99.4% 100% 100%
mixture 66.3% 91.1% 97.2%
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(b) c10 aromatic, (c) c10, (d) c11, (e) c12 and (f) c14.

To quantify the final aggregation properties of the NAs, we averaged the aggregation
percent along the final 500 ns structures sampled along the MD. The results are reported
in Table 2, where lower values indicate that the acids can only form some dimers and
trimers. On the other hand, large aggregation degrees describe the formation of higher
order aggregates, with some molecules, however, still freely solvated in the box. Finally,
aggregation degrees close to 100% indicate a total organization of the acids in the form of a
single, large aggregate.
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It is interesting to analyze the different behavior between the c10 and c10 aromatic
compounds. First, the alicyclic acid tends to aggregate more than the aromatic acid, which
is somewhat unexpected, given that aromatic rings lead to strong π–π stacking interactions,
which should lead to an increased tendency to aggregate. However, the log PI of c10 is−1.6,
whereas the c10 aromatic compound displays a log PI value of −2.0, as shown in Table 1.
This can be explained by the formation of (weak) hydrogen bonds between aromatic rings
and water [42]. In fact, these interactions are possible because the aromatic ring retains
part of the negative charge of the molecule. As can be seen in Tables S1 and S2, the oxygen
atoms for the c10 aromatic are slightly less negative than the oxygen atoms of the other
NAs. This increased hydrophilicity thus seems to be the reason for the smaller tendency to
form aggregates of the c10 aromatic system. Indeed, Table 2 shows that in pure water, the
aggregation degree of c10 (33%) is larger than in c10 aromatic (21%). We note, however, that
specific salt effects could also contribute to the increased aggregation behavior observed
for c10 in the saline solutions.

The averaged aggregation degrees are consistent with the trends shown in Figures 3–5
along the MD simulations, confirming the impact of the alkyl chain size, and the salinity,
as modulators for the aggregate formation. Table 2 shows that the two larger NAs, c12
and c14, aggregated in all salinity conditions and that the NaCl 90 g/L solution induces
aggregation for all the compounds. To illustrate this behavior, in Figure 6, we show the
last structure of the MD trajectories for the NA mixture in pure water, low salinity, and
high salinity conditions. The growth of the aggregates is visible with the salinity of the
environment. At high salt conditions, only one NA is outside the aggregate.
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Additionally, the largest aggregate size (Figure 5) shows that the aggregate is formed
in the first 100 ns of the simulation. After this, other NA molecules enter progressively
inside the aggregate. This result is interesting from the low-salinity-enhanced oil recovery
point of view [43,44], as the formation water found in reservoirs is usually high-salinity [45].
The injection of low-salinity water would lower the salt concentration, destabilizing large
aggregates, thus releasing part of the acid content that could be dragged for extraction.
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In order to characterize the size of the aggregates, we have also computed radial
distribution functions (RDF), quantifying the distribution of NAs around each single NA
center of mass. The results, reported in Figure 7, show the density g(r) as a function of
the distance between NAs’ centers of mass. These densities indicate that the size of the
aggregates is ~30 Å for fully aggregated states.
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(NaCl 90 g/L).

An interesting result of this analysis is the salinity’s significant role in mediating the
aggregates’ formation. A detailed structural analysis of the aggregate morphology and
the relative arrangements of NAs indicate that they adopt a structure that, at first sight,
resembles a bilayer-like structure, as shown in Figure 8. However, the polar groups adopt
a circular arrangement, with the center of the aggregate having an apolar character, as
shown in the side view (Figure 8b). Interestingly, this bilayer-like circular arrangement
displays the polar groups on the inner part of the aggregate, with a layer of sodium cations
placed in the interior and interacting with the NA carboxylic groups. This can be seen in
Figure 8, where Na+ cations are arranged along the bilayer near the charged oxygens of
the acids. Very similar behavior is found for all the systems studied when large aggregates
are formed, regardless of the alkyl chain size. In order to shed light on the structure of the
water along this arrangement, we show the radial distribution functions quantifying the
distribution of the water’s center of mass around the oxygen atoms of the NAs in Figure 9.
As expected, the density of water diminishes as the aggregation degree increases, with
longer alkyl chains and at high salinity conditions. However, it is interesting to observe that
even in the most aggregated states, the first water solvation shell around the acid groups of
the NAs is maintained with persistent and well-defined interactions, and some ordering
can also be observed for the second solvation shell.
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4. Conclusions

In the present work, we studied the behavior of different naphthenic acids in aqueous
environments with varying saline concentrations. We aimed to quantify the partition
coefficient and aggregation properties through quantum chemical solvation models and
MD simulations. The results showed a clear relationship between (i) the size of the alkyl
chain, which determines the hydrophobicity of the NAs as estimated by their octanol–water
partition and distribution coefficients, and (ii) the salt concentration on the formation of
large aggregates. For example, the NA with nine carbons (c9) only leads to small aggregates
in the form of dimers or trimers. Still, the same compound on saline water (90 g/L) forms a
large aggregate, with 93% of the NA molecules participating in this arrangement.

On the other hand, the NA with 14 carbons (c14) forms large aggregates in all cases,
regardless of the salt conditions. The aggregation of the acids self-organizes in an interesting
way: a layer of Na+ ions organized between the oxygens of NA molecules, resembling a
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circular membrane-like organization. The IEFPCM-MST calculations show a clear relation
between the hydrophobicity of the NAs, as estimated by their log P and log D values, and
the formation of aggregates. The most hydrophobic NAs can quickly form large aggregates
compared to more hydrophilic NAs.

The present work improves our understanding of the structural behavior of NAs in
aqueous environments, mimicking reservoir salinities. The low-salinity results showing
smaller aggregate sizes can contribute to low-salinity-enhanced oil recovery, as the stable
aggregates present in the higher salinity formation water can be partially dissolved when
the salinity is lowered.

Supplementary Materials: The following supporting information can be downloaded at: https:
//www.mdpi.com/article/10.3390/computation10100170/s1, Table S1. RESP atomic charges calcu-
lated at B3LYP/6-31G(d) level of theory for the following naphthenic acids: c9, c10 aromatic, and
c10; Table S2. RESP atomic charges calculated at B3LYP/6-31G(d) level of theory for the following
naphthenic acids: c11, c12, and c14.

Author Contributions: Conceptualization, P.H.-d.-M., R.D.C., C.C. and R.M.C.; methodology, R.D.C.,
E.O., J.M.d.A., M.D.C.-N., C.D.M., C.C. and P.H.-d.-M.; software, R.D.C. and C.C.; formal analysis,
R.D.C., L.J.F., C.C. and P.H.-d.-M.; resources, P.H.-d.-M. and C.C.; data curation, R.D.C. and L.J.F.;
writing—original draft preparation, R.D.C., L.J.F., C.C. and P.H.-d.-M.; writing—review and editing,
all authors; funding acquisition, C.C. and P.H.-d.-M. All authors have read and agreed to the published
version of the manuscript.

Funding: This study was partially funded by the Coordenação de Aperfeiçoamento de Pessoal de
Nível Superior—Brasil (CAPES)—Finance Code 001; R.D.C. acknowledges with thanks a PREDOCS-
UB fellowship funded by the University of Barcelona (Ref. 2020-88). C.C. and R.D.C. acknowledge
financial support from the State Research Agency/Spanish Ministry of Science and Innovation
(AEI/10.13039/501100011033, grants MDM-2017-0767 and PID2020-115812GB-I00). P.H.M. thanks
Conselho Nacional de Desenvolvimento Científico e Tecnológico (CNPq—#306585/2019-7) and
Financiadora de Estudos e Projetos (FINEP—#0038/21) for the provided grants.

Data Availability Statement: Not applicable.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Clemente, J.S.; Fedorak, P.M. A Review of the Occurrence, Analyses, Toxicity, and Biodegradation of Naphthenic Acids.

Chemosphere 2005, 60, 585–600. [CrossRef] [PubMed]
2. Bartlett, A.J.; Frank, R.A.; Gillis, P.L.; Parrott, J.L.; Marentette, J.R.; Brown, L.R.; Hooey, T.; Vanderveen, R.; McInnis, R.;

Brunswick, P.; et al. Toxicity of Naphthenic Acids to Invertebrates: Extracts from Oil Sands Process-Affected Water versus
Commercial Mixtures. Environ. Pollut. 2017, 227, 271–279. [CrossRef] [PubMed]

3. Barros, E.V.; Dias, H.P.; Gomes, A.O.; Rodrigues, R.R.T.; Moura, R.R.; Sad, C.M.S.; Freitas, J.C.C.; Neto, A.C.; Aquije, G.M.F.V.;
Romão, W. Study of Degradation of Acid Crude Oil by High Resolution Analytical Techniques. J. Pet. Sci. Eng. 2017, 154, 194–203.
[CrossRef]

4. Meriem-Benziane, M.; Bou-Saïd, B.; Boudouani, N. The Effect of Crude Oil in the Pipeline Corrosion by the Naphthenic Acid and
the Sulfur: A Numerical Approach. J. Pet. Sci. Eng. 2017, 158, 672–679. [CrossRef]

5. Headley, J.V.; Peru, K.M.; Barrow, M.P. Mass Spectrometric Characterization of Naphthenic Acids in Environmental Samples: A
Review. Mass Spectrom. Rev. 2009, 28, 121–134. [CrossRef]

6. Kovalchik, K.A.; MacLennan, M.S.; Peru, K.M.; Headley, J.V.; Chen, D.D.Y. Standard Method Design Considerations for Semi-
Quantification of Total Naphthenic Acids in Oil Sands Process Affected Water by Mass Spectrometry: A Review. Front. Chem. Sci.
Eng. 2017, 11, 497–507. [CrossRef]

7. Samanipour, S.; Reid, M.J.; Rundberget, J.T.; Frost, T.K.; Thomas, K.V. Concentration and Distribution of Naphthenic Acids in the
Produced Water from Offshore Norwegian North Sea Oilfields. Environ. Sci. Technol. 2020, 54, 2707–2714. [CrossRef]

8. Stanford, L.A.; Kim, S.; Klein, G.C.; Smith, D.F.; Rodgers, R.P.; Marshall, A.G. Identification of Water-Soluble Heavy Crude Oil
Organic-Acids, Bases, and Neutrals by Electrospray Ionization and Field Desorption Ionization Fourier Transform Ion Cyclotron
Resonance Mass Spectrometry. Environ. Sci. Technol. 2007, 41, 2696–2702. [CrossRef] [PubMed]

9. Damasceno, F.C.; Gruber, L.D.A.; Geller, A.M.; Vaz de Campos, M.C.; Gomes, A.O.; Guimarães, R.C.L.; Péres, V.F.; Jacques, R.A.;
Caramão, E.B. Characterization of Naphthenic Acids Using Mass Spectroscopy and Chromatographic Techniques: Study of
Technical Mixtures. Anal. Methods 2014, 6, 807–816. [CrossRef]

https://www.mdpi.com/article/10.3390/computation10100170/s1
https://www.mdpi.com/article/10.3390/computation10100170/s1
http://doi.org/10.1016/j.chemosphere.2005.02.065
http://www.ncbi.nlm.nih.gov/pubmed/15963797
http://doi.org/10.1016/j.envpol.2017.04.056
http://www.ncbi.nlm.nih.gov/pubmed/28477551
http://doi.org/10.1016/j.petrol.2017.04.032
http://doi.org/10.1016/j.petrol.2017.08.073
http://doi.org/10.1002/mas.20185
http://doi.org/10.1007/s11705-017-1652-0
http://doi.org/10.1021/acs.est.9b05784
http://doi.org/10.1021/es0624063
http://www.ncbi.nlm.nih.gov/pubmed/17533826
http://doi.org/10.1039/C3AY40851E


Computation 2022, 10, 170 13 of 14

10. Porto, N.d.A.; Crucello, J.; Facanali, R.; Junior, I.M.; Carvalho, R.M.; Hantao, L.W. Profiling Naphthenic Acids in Produced Water
Using Hollow Fiber Liquid-Phase Microextraction Combined with Gas Chromatography Coupled to Fourier Transform Orbitrap
Mass Spectrometry. J. Chromatogr. A 2021, 1655, 462485. [CrossRef]

11. Vander Meulen, I.J.; Schock, D.M.; Parrott, J.L.; Mundy, L.J.; Pauli, B.D.; Peru, K.M.; McMartin, D.W.; Headley, J.V. Characterization
of Naphthenic Acid Fraction Compounds in Water from Athabasca Oil Sands Wetlands by Orbitrap High-Resolution Mass
Spectrometry. Sci. Total Environ. 2021, 780, 146342. [CrossRef] [PubMed]

12. Santos Silva, H.; Alfarra, A.; Vallverdu, G.; Bégué, D.; Bouyssiere, B.; Baraille, I. Role of the Porphyrins and Demulsifiers in the
Aggregation Process of Asphaltenes at Water/Oil Interfaces under Desalting Conditions: A Molecular Dynamics Study. Pet. Sci.
2020, 17, 797–810. [CrossRef]

13. Zhang, H.; Tang, X.; Shang, J.; Zhao, X.; Qu, T.; Wang, Y. The Effect of Naphthenic Acids on Physiological Characteristics of the
Microalgae Phaeodactylum Tricornutum and Platymonas Helgolandica Var. Tsingtaoensis. Environ. Pollut. 2018, 240, 549–556.
[CrossRef] [PubMed]

14. Ferreira, C.C.; da Silva, T.B.G.; Francisco, A.D.d.S.; Bandeira, L.; Cunha, R.D.; Coutinho-Neto, M.D.; Homem-de-Mello, P.; Moraes
de Almeida, J.; Orestes, E.; Nascimento, R.S.V. Hyperbranched Polyglycerols Derivatives as Cetyltrimethylammonium Bromide
Nanocarriers on Enhanced Oil Recovery Processes. J. Appl. Polym. Sci. 2022, 139, 51725. [CrossRef]

15. Kirch, A.; Razmara, N.; Mamani, V.F.S.; Meneghini, J.R.; Miranda, C.R. Multiscale Molecular Modeling Applied to the Upstream
Oil & Gas Industry Challenges. Polytechnica 2020, 3, 54–65. [CrossRef]

16. Alvim, R.S.; Lima, F.C.D.A.; Sánchez, V.M.; Headen, T.F.; Boek, E.S.; Miranda, C.R. Adsorption of Asphaltenes on the Calcite
(10.4) Surface by First-Principles Calculations. RSC Adv. 2016, 6, 95328–95336. [CrossRef]

17. Martyushev, D.A. Modeling and Prediction of Asphaltene-Resin-Paraffinic Substances Deposits in Oil Production Wells. Georesursy
2020, 22, 86–92. [CrossRef]

18. Da Costa, L.M.; Stoyanov, S.R.; Gusarov, S.; Tan, X.; Gray, M.R.; Stryker, J.M.; Tykwinski, R.; Carneiro, J.W.d.M.; Seidl, P.R.;
Kovalenko, A. Density Functional Theory Investigation of the Contributions of π–π Stacking and Hydrogen-Bonding Interactions
to the Aggregation of Model Asphaltene Compounds. Energy Fuels 2012, 26, 2727–2735. [CrossRef]

19. Stoyanov, S.R.; Yin, C.-X.; Gray, M.R.; Stryker, J.M.; Gusarov, S.; Kovalenko, A. Computational and Experimental Study of the
Structure, Binding Preferences, and Spectroscopy of Nickel(II) and Vanadyl Porphyrins in Petroleum. J. Phys. Chem. B 2010, 114,
2180–2188. [CrossRef]

20. Stoyanov, S.R.; Gusarov, S.; Kuznicki, S.M.; Kovalenko, A. Theoretical Modeling of Zeolite Nanoparticle Surface Acidity for
Heavy Oil Upgrading. J. Phys. Chem. C 2008, 112, 6794–6810. [CrossRef]

21. Shaikh, A.R.; Chawla, M.; Hassan, A.A.; Abdulazeez, I.; Salawu, O.A.; Siddiqui, M.N.; Pervez, S.; Cavallo, L. Adsorption
of Industrial Dyes on Functionalized and Nonfunctionalized Asphaltene: A Combined Molecular Dynamics and Quantum
Mechanics Study. J. Mol. Liq. 2021, 337, 116433. [CrossRef]

22. Riahi, S.; Pourhossein, P.; Ganjali, M.R. Removal of Naphthenic Acids from Liquid Petroleum: Theoretical Study. Pet. Sci. Technol.
2010, 28, 68–78. [CrossRef]

23. Olesen, K.B.; Pedersen, A.-S.D.; Nikolajsen, L.V.; Andersson, M.P.; Sølling, T.I.; Sauer, S.P.A.; Mikkelsen, K.V. Interfacial Tension
in Water/n-Decane/Naphthenic Acid Systems Predicted by a Combined COSMO-RS Theory and Pendant Drop Experimental
Study. Mol. Phys. 2020, 118, e1764645. [CrossRef]

24. Kang, S.S.; Kang, J.W. Extraction of Naphthenic Acid from Low-Grade Crude Oil Using Diol Compounds. Fuel 2020, 275, 117828.
[CrossRef]

25. Alonso, G.; Gamallo, P.; Rincón, C.; Sayós, R. Interfacial Behavior of Binary, Ternary and Quaternary Oil/Water Mixtures
Described from Molecular Dynamics Simulations. J. Mol. Liq. 2021, 324, 114661. [CrossRef]

26. Teklebrhan, R.B.; Jian, C.; Choi, P.; Xu, Z.; Sjöblom, J. Role of Naphthenic Acids in Controlling Self-Aggregation of a Polyaromatic
Compound in Toluene. J. Phys. Chem. B 2016, 120, 3516–3526. [CrossRef]

27. Da Cunha, R.D.; Maciel, C.D.; Homem-de-Mello, P. The Cooperative Effect between Cyclic Naphthenic Acids and Surfactant
Enhances the Separation Efficiency. J. Mol. Liq. 2021, 342, 117577. [CrossRef]

28. Soteras, I.; Curutchet, C.; Bidon-Chanal, A.; Orozco, M.; Luque, F.J. Extension of the MST Model to the IEF Formalism: HF and
B3LYP Parametrizations. J. Mol. Struct. Theochem. 2005, 727, 29–40. [CrossRef]

29. Curutchet, C.; Orozco, M.; Luque, F.J. Solvation in Octanol: Parametrization of the Continuum MST Model. J. Comput. Chem.
2001, 22, 1180–1193. [CrossRef]

30. Zamora, W.J.; Pinheiro, S.; German, K.; Ràfols, C.; Curutchet, C.; Luque, F.J. Prediction of the N-Octanol/Water Partition
Coefficients in the SAMPL6 Blind Challenge from MST Continuum Solvation Calculations. J. Comput. Aided. Mol. Des. 2020, 34,
443–451. [CrossRef]

31. Viayna, A.; Pinheiro, S.; Curutchet, C.; Luque, F.J.; Zamora, W.J. Prediction of N-Octanol/Water Partition Coefficients and Acidity
Constants (PKa) in the SAMPL7 Blind Challenge with the IEFPCM-MST Model. J. Comput. Aided. Mol. Des. 2021, 35, 803–811.
[CrossRef] [PubMed]

32. Frisch, M.J.; Trucks, G.W.; Schlegel, H.B.; Scuseria, G.E.; Robb, M.A.; Cheeseman, J.R.; Scalmani, G.; Barone, V.; Petersson, G.A.;
Nakatsuji, H.; et al. Gaussian 16, Revision B.01; Gaussian, Inc.: Wallingford, CT, USA, 2016.

33. Zamora, W.J.; Curutchet, C.; Campanera, J.M.; Luque, F.J. Prediction of PH-Dependent Hydrophobic Profiles of Small Molecules
from Miertus–Scrocco–Tomasi Continuum Solvation Calculations. J. Phys. Chem. B 2017, 121, 9868–9880. [CrossRef] [PubMed]

http://doi.org/10.1016/j.chroma.2021.462485
http://doi.org/10.1016/j.scitotenv.2021.146342
http://www.ncbi.nlm.nih.gov/pubmed/33770601
http://doi.org/10.1007/s12182-020-00426-0
http://doi.org/10.1016/j.envpol.2018.04.126
http://www.ncbi.nlm.nih.gov/pubmed/29758529
http://doi.org/10.1002/app.51725
http://doi.org/10.1007/s41050-019-00019-w
http://doi.org/10.1039/C6RA19307B
http://doi.org/10.18599/grs.2020.4.86-92
http://doi.org/10.1021/ef202010p
http://doi.org/10.1021/jp908641t
http://doi.org/10.1021/jp075688h
http://doi.org/10.1016/j.molliq.2021.116433
http://doi.org/10.1080/10916460802706448
http://doi.org/10.1080/00268976.2020.1764645
http://doi.org/10.1016/j.fuel.2020.117828
http://doi.org/10.1016/j.molliq.2020.114661
http://doi.org/10.1021/acs.jpcb.5b10082
http://doi.org/10.1016/j.molliq.2021.117577
http://doi.org/10.1016/j.theochem.2005.02.029
http://doi.org/10.1002/jcc.1076
http://doi.org/10.1007/s10822-019-00262-4
http://doi.org/10.1007/s10822-021-00394-6
http://www.ncbi.nlm.nih.gov/pubmed/34244905
http://doi.org/10.1021/acs.jpcb.7b08311
http://www.ncbi.nlm.nih.gov/pubmed/28957625


Computation 2022, 10, 170 14 of 14

34. Havre, T.E.; Sjöblom, J.; Vindstad, J.E. Oil/Water-Partitioning and Interfacial Behavior of Naphthenic Acids. J. Dispers. Sci. Technol.
2003, 24, 789–801. [CrossRef]

35. Martínez, L.; Andrade, R.; Birgin, E.G.; Martínez, J.M. PACKMOL: A Package for Building Initial Configurations for Molecular
Dynamics Simulations. J. Comput. Chem. 2009, 30, 2157–2164. [CrossRef] [PubMed]

36. He, X.; Man, V.H.; Yang, W.; Lee, T.-S.; Wang, J. A Fast and High-Quality Charge Model for the next Generation General AMBER
Force Field. J. Chem. Phys. 2020, 153, 114502. [CrossRef] [PubMed]

37. Bayly, C.I.; Cieplak, P.; Cornell, W.; Kollman, P.A. A Well-Behaved Electrostatic Potential Based Method Using Charge Restraints
for Deriving Atomic Charges: The RESP Model. J. Phys. Chem. 1993, 97, 10269–10280. [CrossRef]

38. Joung, I.S.; Cheatham, T.E. Determination of Alkali and Halide Monovalent Ion Parameters for Use in Explicitly Solvated
Biomolecular Simulations. J. Phys. Chem. B 2008, 112, 9020–9041. [CrossRef]

39. Case, D.A.; Belfon, K.; Ben-Shalom, I.Y.; Brozell, S.R.; Cerutti, D.S.; Cheatham, T.E., III; Cruzeiro, V.W.D.; Darden, T.A.; Duke, R.E.;
Giambasu, G.; et al. Amber 2020; University of California: San Francisco, CA, USA, 2020.

40. Hopkins, C.W.; Le Grand, S.; Walker, R.C.; Roitberg, A.E. Long-Time-Step Molecular Dynamics through Hydrogen Mass
Repartitioning. J. Chem. Theory Comput. 2015, 11, 1864–1874. [CrossRef]

41. Roe, D.R.; Cheatham, T.E. PTRAJ and CPPTRAJ: Software for Processing and Analysis of Molecular Dynamics Trajectory Data.
J. Chem. Theory Comput. 2013, 9, 3084–3095. [CrossRef]

42. Kunieda, M.; Nakaoka, K.; Liang, Y.; Miranda, C.R.; Ueda, A.; Takahashi, S.; Okabe, H.; Matsuoka, T. Self-Accumulation of
Aromatics at the Oil−Water Interface through Weak Hydrogen Bonding. J. Am. Chem. Soc. 2010, 132, 18281–18286. [CrossRef]

43. Da Silva, G.D.; de Freitas Martins, E.; Salvador, M.A.; Baptista, A.D.T.; de Almeida, J.M.; Miranda, C.R. From Atoms to Pre-
Salt Reservoirs: Multiscale Simulations of the Low-Salinity Enhanced Oil Recovery Mechanisms. Polytechnica 2019, 2, 30–50.
[CrossRef]

44. Katende, A.; Sagala, F. A Critical Review of Low Salinity Water Flooding: Mechanism, Laboratory and Field Application. J. Mol.
Liq. 2019, 278, 627–649. [CrossRef]

45. Aghaeifar, Z.; Strand, S.; Austad, T.; Puntervold, T.; Aksulu, H.; Navratil, K.; Storås, S.; Håmsø, D. Influence of Formation Water
Salinity/Composition on the Low-Salinity Enhanced Oil Recovery Effect in High-Temperature Sandstone Reservoirs. Energy
Fuels 2015, 29, 4747–4754. [CrossRef]

http://doi.org/10.1081/DIS-120025547
http://doi.org/10.1002/jcc.21224
http://www.ncbi.nlm.nih.gov/pubmed/19229944
http://doi.org/10.1063/5.0019056
http://www.ncbi.nlm.nih.gov/pubmed/32962378
http://doi.org/10.1021/j100142a004
http://doi.org/10.1021/jp8001614
http://doi.org/10.1021/ct5010406
http://doi.org/10.1021/ct400341p
http://doi.org/10.1021/ja107519d
http://doi.org/10.1007/s41050-019-00014-1
http://doi.org/10.1016/j.molliq.2019.01.037
http://doi.org/10.1021/acs.energyfuels.5b01621

	Introduction 
	Materials and Methods 
	Quantum Chemical Continuum Solvent Calculations 
	Molecular Dynamics Simulations 

	Results and Discussion 
	Hydrophobicity of NAs 
	Aggregation Propensity of NAs 

	Conclusions 
	References

