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Abstract

This article investigates the presence of a farm—nonfarm income gap along the income distribution
in the European Union. Our findings show that the income disparity between farm and nonfarm
households varies at the opposite poles of the distribution within and between countries. On aver-
age, farm households in the lowest quartile are worse off than nonfarm households in the same
quartile, whilst farm households in the highest quartile are better off than their nonfarm counter-
part. We also provide some evidence on the time dynamics of the farm—nonfarm households’ in-
come gap by looking at its evolution after the Great Recession. Finally, the policy implications
stemming from the results are presented. In particular, the importance of re-directing the Common
Agricultural Policy public support in two main directions: from the richest farm households to the
poorest farm households, to reduce within countries’ inequality, and from the richest countries to
the poorest countries, to reduce between countries’ inequality.
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Introduction

In a seminal paper, Gardner (1992) introduces the farm income problem and explains why
farmer units systematically earn less than nonfarmer ones. Since the government interven-
tion in the farm sector has been often justified on these grounds and, in the European
Union (EU), a large share of the budget is devoted to direct payments decoupled from
production to the farm sector, scholars have often considered the farm income problem
a policy-relevant issue.

Many authors have assessed the farm income problem by looking at the farm—nonfarm
gap at the mean or median level and have found that the gap has been progressively de-
clined over time (de Frahan et al. 2017; El-Osta et al. 2007; Katchova 2008; Marino
et al. 2021; Mishra et al. 2002; Rocchi et al. 2020). Heterogeneity within the farm sector
is however an important facet of the farm income problem, and many scholars have called
for further research to improve the design of policies directed at the farm sector and to
nourish the debate about the Common Agricultural Policy (CAP) reform (Cunha and
Swinbank 2009; Finger and El Benni 2021; Henke et al. 2018). To start with, there is a
growing agreement that assessments of the income gaps should go beyond mean compar-
isons and be realized along the entire income distribution (Severini and Tantari 2013). An
income gap amongst lower income groups seems to be — from a normative point of view
— less fair and should be properly addressed by targeted policies. Moreover, income levels
differ across farm households (FH) because of heterogeneous endowments in production
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factors and skills and of differences in the environment and institutional settings in which
the households operate (Hill 2019). These differences are also important from a policy
perspective since they call again for more targeted interventions. Finally, the poor
targeting of income support is a longstanding issue in agricultural policy evaluation, to-
gether with the analysis of structural drivers generating a bias of support towards larger
farms and richer farmers (OECD 2003; Rocchi 2009). This is particularly true in the
EU where public opinion prefers subsidizing small family farms over very large ones
and the strong concentration of direct payments within the farm population is under scru-
tiny (Ellison et al. 2010; Finger and El Benni 2021).

To give a contribution to the above literature and to offer useful empirical evidence for
the debate on the CAP reform, the present work aims to assess whether FH are experienc-
ing a significant income gap in comparison to nonfarm households (NFH) in the EU.
However, adding to previous studies, we assess the presence of the gap along the whole
distribution of income. Such analysis allows to test whether the gap is more likely to be
found amongst poorer or richer income groups. If this is the case, then the former
should be given more attention and, eventually, a greater income support from a new
farm policy.

The analysis proceeds in two steps. In the first step, we examine income farm—nonfarm
inequality in the whole EU at a more descriptive level. To start with, this is done by com-
paring the (i) share of FH with the share of NFH along the income distribution and (ii) the
income differences between these two groups. Then, following the approach proposed by
Lakner and Milanovic (2013) who assume the existence of a global social welfare func-
tion common to all member states, we provide an analysis of growth incidence curves
(GICs) for both FH and NFH in the EU global income distribution, based on a panel of
mean income measures at the country-decile level for the 2004—2020 period.'

In a second step, by controlling for heterogeneities in the observable characteristics of
the FH and NFH, we measure the income gap and its dynamics between these two groups
at the mean [using an ordinary least squares (OLS)] and at various points of the distribu-
tion using a quantile regression, as it is standard in the literature on income gaps (Bui and
Imai 2019; Christofides et al. 2013; Hospido and Moral-Benito 2016).

The above quantitative analyses are realized at the EU level, but also at the national
level in five member countries belonging to the three most important EU geographical
areas (Western, Mediterranean and Central Eastern countries). Such comparative regional
analysis allows to consider the deep differences existing in terms of socio-economic situ-
ations, social welfare policies, institutions, infrastructures and farm subsidies provided by
the CAP, across the EU member states.

Our regression results indicate that the income gap between FH and NFH varies when
looking both at different countries within the EU and at the opposite poles of the income
distribution within countries. Whilst further analyses and more specific data are needed,

'The analysis of inequality in the farm sector in the EU poses a challenge related to the political nature of the Union itself.
Member states are independent political entities, carrying out redistributive policies at the national level. This is often con-
sidered a sufficient condition by some authors to reject any hypothesis of the existence of EU-wide social welfare function
justifying a global inequality analysis (Atkinson and Brandolini 2010). However, income support under the CAP, despite
being a sector policy, is also a redistributive policy implementing common measures across the whole Union. Therefore,
an analysis of inequality between FH and NFH and within the farm sector itself at the EU level seems relevant to orient
policy design.
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our results seem to suggest that the CAP support, noticeably the direct payments that ac-
count for the largest share of its budget, could be better tailored to account for the differ-
ent economic conditions of the single member states and within each of them and could
be designed in a more flexible way in its implementation at the national level.

The article is organized as follows. Section 2 introduces the literature on the farm in-
come problem, Section 3 describes the data and Section 4 describes the methodology.
Section 5 contains the results of a descriptive comparative analysis of the FH and NFH
income distribution during the observed period. Section 6 reports the results of a quanti-
tative analysis employing a quantile regression approach to explore the income gap be-
tween FH and NFH along the whole income distribution. Section 7 critically discusses
the main findings of the analysis, illustrate some policy implications and highlights some
limitations of the analysis and possible areas for further research.

1. The Farm Income Problem and the Role of the Public Intervention

Historically, public support to the farm sector in the United States and in the EU has often
been justified by the existence of an income gap between farmers and/or nonfarmers.
Such gap, which gives rise to the so-called farm income problem, is discussed by
Gardner (1992) who provides an extensive theoretical and empirical review of the litera-
ture. Whilst the farm income problem has been first supported by the scientific commu-
nity, it has been more recently scaled back. For instance, in the United States, studies have
conclusively shown the disappearance of the farm income problem under any available
method of analysis (e.g., EI-Osta et al. 2007; Katchova 2008; Mishra et al. 2002). A sim-
ilar trend of convergence has been detected also in the EU (e.g., de Frahan et al. 2017;
Eurostat 2003; Marino et al. 2021; OECD 2003; Rocchi et al. 2020). de Frahan
et al. (2017) found that FH incomes are not particularly lower on average than NFH in-
comes in most OECD countries. Rocchi et al. (2020) and Marino et al. (2021) also find
that, under certain circumstances, farm units are even richer than their counterparts. How-
ever, some have shown a greater income inequality and poverty in the farm community
than in the nonfarm community (de Frahan et al. 2017).

Despite the convergence between farm and nonfarm income, policy statements in
many countries still claim that one of the aims of agricultural policies is to ensure
equal standard livings between farmers and the rest of the economy or to other indus-
tries. This is particularly true in the case of the EU.” In a recent report, the European
Commission claims that the agricultural income per worker in the EU-27 is on average
about 41% of the mean wage in the whole economy (period 1995 to 2018) even if the
income gap between the two groups seems to slowly decline over time. The existence
of the farm—nonfarm income gap is one of the most important justifications of the
specific objective 1 of the CAP, namely, the support to a viable farm income and to
the resilience of the sector. In order to accomplish the other eight specific objectives,
the CAP globally accounts for around 35% of the 2020 EU budget whilst 69% of the

*The European Commission has often claimed that the CAP must ‘ensure a fair standard of living to farmers’. Whilst the
CAP now pursues a large set of objectives, we can still find that one of its main objectives is to ‘support viable farm income
and resilience across the EU territory ...” (European Commission 2018).
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CAP expenditure is channelled by direct payments that specifically support farm
income.’

To better understand if public support to the farm sector is still justified, scholars have
investigated other aspects of the farm income problem, for example, the extent of inequal-
ity. The rationale is that FH and NFH may have similar average well-being but the distri-
bution of income and wealth amongst these two groups may be different. For instance,
Katchova (2008) looks at the degrees of inequality in the income and wealth distributions
of the American farmers by looking at the Gini coefficients. Mishra and Moss (2008) in-
stead use a Theil informational approach to analyse inequality in consumption amongst
FH. Finally, a promising approach is introduced by Chang (2012) using Taiwan data.
The author employs an unconditional quintile regression to distinguish the different per-
formance of farmers and nonfarmers at the upper, middle and lower extremes of the dis-
tribution. Whilst new in the literature on the farm income, such method is quite standard
to explain inter-sectorial differences (e.g., Agyire-Tettey et al. 2018; Thu Le and
Booth 2014).

Some scholars have also explored the extent of global inequality by looking at differ-
ences between macro regions. For instance, in the EU, Rocchi et al. (2020) find that an
average income gap between FH and NFH still exists in the EU but with relevant differ-
ences across geographical areas. Whilst in Central Eastern countries the income gap
seems to be relatively persistent over time, in the Mediterranean and, even more, in
Western Continental EU members, the income gap between FH and NFH has vanished.
Similar findings are provided by Marino et al. (2021): once observable and unobservable
characteristics of households are accounted for, a significant difference in the average in-
come between FH and NFH no longer exists in the EU but there are significant differ-
ences between old and new member states, with the latter still showing a significant farm
income problem.

Accounting for differences amongst EU countries is justified because of at least two
main reasons: countries differ in terms of both the CAP funding and the relative impor-
tance of the farm sector. For example, whilst direct payments account for around 54%
of the whole CAP expenditure in Finland, they account for around 73% of the CAP ex-
penditure in France in 2020.* Similarly, whilst the primary sector (including agriculture,
forestry and fishing) accounts for 1.8% of the whole EU gross value added, its relative
importance varies amongst EU countries being, for example, 1.8% in France and 4.4%
in Romania according to 2020 European Commission data. Additionally, EU countries
differ also for other aspects including, amongst others, the level of income. For example,
whilst the gross domestic product (GDP) in purchasing power standards (PPS) per capita
in Finland has been 111.1% of the average EU-27 income in the period 2016 to 2018, the
GDP in PPS per capita in Romania has been 63.1%. This suggests that differences
amongst countries should be accounted for in empirical analysis when possible.

Finally, previous analyses show that results strongly depend on the definition of the FH
with narrow farmers — living mostly on farm income — having an income well above the
average of the total population whilst broader farmers — all households with at least some

3European Commission data through the DG Agriculture and Rural Development (https://agriculture.ec.europa.eu/system/
files/2022-11/cap-expenditure-graph1_en.pdf).

4European Commission data through the Agridata platform (https://agridata.ec.europa.eu/extensions/DataPortal/cmef_indi-
cators.html).
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agricultural income — being poorer than their narrow counterpart. The latter results sug-
gest that there might be room for a redistribution of agricultural public support both across
member states (in favour of Central Eastern countries and new members) and within the
agricultural sector, from richer to poorer farmers.

We propose to investigate income inequalities between FH and NFH by combining the
above results in two ways. First, we exploit European data — with a focus on countries
belonging to the EU — to explore income gaps between FH and NFH along the distribu-
tion. We do so by using both descriptive analysis and an unconditional quantile regression
(UQR) as in Chang (2012). Considering the above literature, we first expect that EU FH
will show an economic disadvantage with respect to NFH in the lower part of the distri-
bution and an economic advantage in the upper part of the distribution. Second, by ex-
ploring these differences within countries classified either as Old and New member or ac-
cording to the geographical belonging (Mediterranean, Western or Central European), we
expect that FH in the top part of the distribution will be richer than their counterpart in
particular in the Old members or in the richer Western or Mediterranean countries.

We believe that, by combining the two aspects, the effectiveness of farm policies can
be better assessed. Being able to distinguish the performance at the upper extremes of the
distribution from the performance in the middle and lower ends of the distribution is crit-
ical to the design of a more effective policy for the farm sector.

2. The EU-SILC Dataset and the Definition of the Farm Households

To compare the income of FH with the income of the NFH, we employ the EU Statistics
on Income and Living Conditions (EU-SILC), a harmonized survey that collects multidi-
mensional microdata on income, poverty, social exclusion and living conditions in
Europe. EU-SILC is an example of international, harmonized household survey suitable
to support studies on global income distribution (Lakner and Milanovic, 2013 ). Although
it has not been developed for the assessment of farm welfare, the availability of a detailed
set of data on the sectors to which individuals belong as well as their job occupation al-
lows identifying farmers and then FH (Hill 2012). Additionally, EU-SILC is particularly
useful to conduct an empirical analysis on the income gap between FH and NFH in the
EU since it also provides information that can be used to account for observable differ-
ences like levels of education, gender and age amongst the others. Considering the immi-
nent CAP reform, and despite the limitation of EU-SILC not being created for this pur-
pose, we believe it is worth to conduct such analysis.

To identify FH, we first create a sub-sample of self-employed individuals, since farm
income is generated from self-employment. Within this sub-sample, farmers are identified
using two variables: the ISCO-88 and the NACE classification used at EU level for both
economic and social statistics. Whilst the first identifies the individual main occupation,
the second identifies the sector in which the individual is employed. Once farmers are
identified, we can create our unit of investigation: the so-called broad definition of the
FH sector.” We refer to those families that have at least one self-employed member

°In the literature (Hill 2012; Marino et al. 2021; Rocchi et al. 2020), it exists also a narrow definition of FH that considers
only those families whose farm income is the major source of income (i.e., at least half of the total household income). Al-
though such definition would be suited for our analysis, unfortunately, the number of FH in such case would be consider-
ably reduced to conduct analysis along the entire income distribution.
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working in agriculture. Once FH have been identified, NFH are defined by simply exclud-
ing all FH.® The two samples, FH and NFH, consist of all types of households including
those out of the workforce and relying on transfers and other non-wage income.

EU-SILC includes all countries belonging to the EU. However, since some countries
have a small number of FH, similar to other studies (de Frahan et al. 2017), we restrict
the sample to those countries with at least 100 FH each year to limit the risk that sampling
errors affect the statistical results. We end up with an EU-wide sample including the fol-
lowing countries for the years 2004—2020: Austria, Bulgaria, Croatia, Estonia, Greece,
Spain, Finland, France, Hungary, Ireland, Italy, Lithuania, Luxembourg, Latvia, Nether-
lands, Poland, Portugal, Romania and Slovenia.” We will focus also on five countries with
a larger sample of FH that belong to three macro regions of the EU: France and Finland
(Western Continental countries), Italy (Mediterranean countries) and Poland and Romania
(Central Eastern countries).

As a measure of economic welfare, we consider the per-capita equivalized disposable
income calculated at the household level using a common equivalence scale.® More spe-
cifically, we consider the real values of the income variable, adjusted for purchasing
power parities to account for differences in price levels (adjusting for purchasing power
parties, PPP ) and deflated at 2015 prices using the Harmonized Index of Consumer
Prices.” The use of disposable income measured at the household level to compare house-
holds’ welfare across sectors represents one of the most important advantages offered by
using a general purpose, economy-based survey like EU-SILC. Our aim is indeed to as-
sess the relative position of FH within the income distribution of the whole European so-
ciety. A sector-oriented survey such as, for example, the Farm Accountancy Data Net-
work sample would not allow such analysis.

In Section 5, to reduce the income gap between FH and NFH that depend on observ-
able characteristics, we consider a standard set of variables recognized in the literature as
determinants of household income (Becerril and Abdulai 2010; De Janvry and
Sadoulet 2001; Mendola 2007). Some variables are computed at the householder level."
Once the householder is identified, we consider his/her age, gender, education, if he/she is
married and if he/she has a good health status. Other covariates are defined at the house-
hold level. In particular, we consider the number of components and if the household lives
in a rural area.

3. The Empirical Methodology

The effect of being a farm household on income can be measured, as a starting point,
through an OLS regression of the following Mincer-type earnings equation (1):

For details, Section S1 reports the EU-SILC variables that have been used for the identification of our units of analysis.
"Not all countries/years are represented in our sample. Table S1 reports for each countries the years in which we have ob-
servatlons according to our rule.

8EU-SILC provides equivalence scale equal to 1 for the reference person, 0.5 for other adult members (14 years old or elder)
and 0.3 for members up to 13 years old.

°Eurostat provides the coefficients to perform Purchase Power Parities and price variation adjustments (http://appsso.
eurostat.ec.europa.eu/nui/show.do?dataset=prc_ppp_ind&lang=en. Accessed on 14/09/2022). Details on the methodology
can be found in Mack and Lange (2015).

'"The householder is defined using the following criteria: he/she must be resp0n31ble of the accommodation; if there are two

individuals responsible of the accommodation, the one earning the greatest income is considered; if still no unique house-
holder is identified, we consider the eldest.
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In(hh_income); = a + x;f + farm householdy + u; (1)

where In(hh_income); is the natural logarithm of the disposable income of the ith house-
hold, farm household is a binary variable taking value 1 if the observation i identifies a
farm household, x is a vector of control variables (including year and country dummies
in most of our specifications) and u is the error term.

We are interested in the estimation of y that (multiplied by 100) measures the condi-
tional wage penalty/premium for the FH. The OLS model is estimated on a sample of
pooled observations of individual-year pairs.

The OLS enables the estimation of the effect of covariates at the mean, but given the
positive skewness of the distribution and the presence of extreme values, the effects of co-
variates will differ along the distribution, making it appropriate to examine factors
influencing income not only at the mean but also at different percentiles along the distri-
bution. In order to capture the effect of being a farm household at different levels of in-
come, several decompositions based on the so-called conditional distribution methods
might potentially be employed (Fortin et al. 2011). We adopt the UQR approach devel-
oped by Firpo et al. (2009), which allows to directly compare the results of income gaps
for farm household at different quantiles of the income distribution (Fortin et al. 2011)."
This procedure is computationally simple and easy to interpret since the so-called re-
centred influence function (RIF) is estimated with a robust method that regresses the in-
fluence function of the unconditional quantile of the dependent variable — the logarithm
of disposable income — on all the independent variables. In analytical terms, for each
quantile g,, we estimate a RIF regression, which is the same as any standard regression
except for the fact that the dependent variable is replaced by a recentred influence func-
tion of the statistics of interest. This method allows to get results at different quintiles
of the income distribution and to compare them to each other directly, since the resulting
decomposition is path independent.

We thus compare Equation (1) with Equation (2):

q.(In(hh_income);) = a(t) + x;B(t) + farm household;y(t) + u; 2)

where ¢q, (ln(hh_income) ,.) is the rth quantile of the distribution of the log household dis-
posable income. The vector of estimated coefficients () provides the estimated rates of
return to the different covariates at the rth quantile of the distribution. The estimated co-
efficient y(7) represents the farm household income penalty/premium at the various zth
quantiles.

4. FH and NFH in the EU Income Distribution: A Descriptive Analysis

In the present section, we offer a descriptive analysis of the differences between FH
and NFH along the income distribution. Our main aim is to assess if the FH have a

"An important difference between conditional quantile regressions (Koenker and Bassett 1978) and this approach is that
conditional quantiles do not average up to their unconditional population counterparts. As a result, the estimates obtained
by running a quantile regression cannot be used to estimate the impact of an explanatory variable on the corresponding un-
conditional quantile of the dependent variable Y.
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monetary disadvantage with respect to NFH. We do so in two ways. First, we look
at the number of FH and NFH along quartiles and their relative income gaps.”
Second, we look at the farm and nonfarm GICs to capture graphically the growth rate
of per capita income for every ventiles of the income distribution between two points
in time.

FH and NFH along Quartiles of the Income Distribution

To assess the situation of the FH along the income distribution, we first focus on their
distribution along quartiles computed on the general income distribution of the EU
population during the period 2004 to 2020. Whilst Table S2 reports the number of FH
and NFH for each quartile in the whole sample and for five representative countries in
the period going from 2005 to 2020, Figure 1 shows the number of FH for each
quartile over the total number of FH. When considering the EU sample, almost 40% of
FH falls in the lowest quartile whilst only 15% in the upper quartile. Such results can
be explained by looking at the relative position of FH in the Central Eastern European
countries such as Poland and Romania. A different picture is offered by Finland,
with most FH belonging to the upper quartile. Italy and France show instead a more
equilibrated picture, with farmers more equally distributed over quartiles. Overall, the
figure shows that most FH, especially in the relative poorer Central Eastern countries,
tend to be concentrated in the lowest part of the income distribution whilst the situation
is quite different for the rest of countries where either the situation is more equilibrated
— Italy and France — or FH tend to be concentrated in the upper part of the income dis-
tribution (Finland). Overall, looking only at the EU picture masks a lot of heterogeneities
within and between countries.

Moving now to the economic welfare, we compare income gaps between FH and
NFH. More specifically, we consider the total per-capita equivalized disposable
income. Figure 2 reports the ratio of FH to NFH average incomes for each quartile.
The ratio allows to analyse if FH are better or worse off than NFH along the distribu-
tion. Values of the ratio above 1 point to FH being relatively richer than NFH. Looking
at the pooled EU sample, FH are worse off (ratio < 1) than NFH along the whole
distribution. Nevertheless, several differences emerge when we consider single coun-
tries. We find that FH in the middle lower, middle upper and upper quartiles in
Finland and France (also in Italy except for the upper quartile) have an almost similar
or higher income than NFH on average. A different picture emerges when considering
countries of the Central Eastern part of the EU, where FH incomes are always below
NFH incomes.

Overall, Figure 2 shows very significant FH-NFH income disparities at the European
level particularly for the poorest quartiles, but these differences are greatly minimized
when the analysis is done at the country level. Such evidence underlines the importance
of properly assessing income gaps between groups according to the specific policy pur-
pose. On the one hand, if we are interested in the extent of EU convergence, a pooled

2We choose to explore the income distribution along quartiles as a reasonable compromise between tertiles and quantiles.
The former might provide few information on the differences in the income distribution whilst the latter — despite being
more informative — might result in asking too much to our data given that FH are a small population over the general pop-
ulation and EU-SILC was not specifically designed to analyse the sample of FH.
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Figure 1: Distribution of Farm Households over Income Quartiles. Sample Shares. Whole Sample
and Selected Countries. 2004—2020.
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Notes: The histograms show the number of farm households in each quartile over the overall farm
household population. The sample is indicated in Table S1. Source: Own elaborations on European
Union Statistics on Income and Living Conditions data.

level analysis of the EU countries can be more useful, since it gives us information on the
disparity existing between countries. On the other hand, if we want to assess income gaps
between FH and NFH to justify a support to fill the gap between the two groups, we need
to go beyond income disparities calculated at the EU level (as is done regularly by the EU
Commission) since it greatly exaggerates the income disparities that prevail at the na-
tional level. There are enormous differences existing between countries and the situation
need to be assessed within countries. Clearly, both convergence and reduction of disparity
amongst social groups are important policy objectives but require different tools to be
assessed.

EU GICs for the FH and NFH

We analyse the global income distribution in the EU following the approach proposed by
Lakner and Milanovic (2013). They derive global GICs showing which parts of the global
distribution benefited the most (and the least) between 1988 and 2008. As in their study,
we first created a panel of 2430 ‘observations’ of the average per-capita, equivalized in-
come of the households included in each income decile of each country/year combination
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Figure 2: Ratio of Farm to Nonfarm Incomes over Quartiles. European Union and Selected Coun-
tries. 2004-2020.

Whole sample Finland France Italy Poland Romania

@l miomaiv

Notes: The histograms show the ratio of the average incomes of farm and nonfarm households in
each quartile. Whole sample is indicated in Table S1. Source: Own elaborations on European
Union Statistics on Income and Living Conditions data.

for the period going from 2005 to 2020." Then, to consider income’s underreporting,
common amongst higher percentiles, we corrected the estimates as is common in the lit-
erature (Lakner and Milanovic 2015):

- we compared the estimated mean income for each country/year with the estimates of
average per capita consumption expenditures' from national accounts;

- when we found that consumption expenditures were higher than incomes estimated
with EU-SILC data, we adjusted proportionally the total income and recalculated the
share for the first 95% of the population;

PBenczir et al. (2017) use EU-SILC data for a similar analysis for the years ranging from 2003 to 2016 using data on in-

dividual incomes. Differently from their study, we use estimates at the household level that are then classified according to

the sector (FH vs. NFH). Note that we differ from their study, as well as other studies using EU-SILC, because we use a

subsample where country/years units with less than 100 FH are dropped (see Table S1). This is done in order to compare

FH and NFH, but it makes it difficult to compare our growth incidence curves with other studies which have a more com-
lete sample.

*We used data on final consumption aggregates by durability available at the Eurostat public database (https://ec.europa.eu/
eurostat/web/main/data/database). Differently from Lakner and Milanovic, we excluded household expenditures for durable
goods and individual expenditure of general government and of non-profit institutions serving households. Since national
accounts of consumptions refer to the entire population, and we do not have data on FH consumptions, we assume that
FH have the same gap between income and consumption as the entire population.
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- we allocate the positive differences between official private consumption data and
household survey incomes to the top 10% within every country and ‘elongates’ the dis-
tribution using a Pareto imputation for top 1% and top 5%; and

- we recalculate the mean income in the top 10%.

These new observations are then assigned to EU ventiles (5% of observed population)
with the top ventile splitted into top 1% and 4% between P95 and P99. Table S3 reports
the average income (population-weighted) estimates in reference years" for the total pop-
ulation (including FH) and for FH for each ventile. Table S4 provides instead the distri-
bution of households for each ventile amongst three different geographical areas
(Western, Mediterranean and Central Eastern), both for total population and for FH only."
To graphically display these geographic differences, Figure 3 shows the share (y-axis) of
total population (upper panel) and the FH (bottom panel) belonging to the three geograph-
ical areas in each ventile of the global distribution across the whole period (x-axis). As
one would expect, in the upper ventiles of both panels, it is more likely to find households
from the Western Continental countries, whilst in the lower ventiles from the Central
Eastern households. The incidence of Mediterranean households is quite homogeneous
across ventiles, even though more concentrated above the median of the global distribu-
tion. The only relevant difference between the two panels is the presence of FH belonging
— although in a very small percentage — to Mediterranean and Central Eastern countries in
the top 1%. In other words, in any geographical area of the EU, we can find FH in the top
1% of the EU global income distribution.

More importantly for the scope of our study, Figure 4 compares the variation of in-
comes observed in the total population over the 2004—2020 period with the variation in
the farm population by using GICs."” Note that the graph — in the background — repro-
duces the incidence of geographical areas in the composition of the group of the FH in-
cluded in each ventile as in the Figure 3 (bottom panel). With respect to the income
growth over the period under analysis, on average, the incomes of FH have shown a de-
crease corresponding to an annual growth rate of —0.57% (dotted grey line in the graph).
A different situation emerges for the total population with a growth rate of +0.12% (dotted
black line).

The growth rates of incomes are different amongst the ventiles of the global distribu-
tion. When looking at the total population (solid black line), the growth incidence curve
shows that incomes were almost stagnating between the 25th to the 95th percentiles
(mostly households from Central Eastern and Mediterranean member states) and decreas-
ing at the two extremes of the distribution (namely, the 10th percentile, with households
mostly from Central Eastern countries and the 90th, for the largest part composed by
Western Continental households). The comparison of the GICs of the total population
with the incidence curves for FH shows some interesting features. The FH curve shows
an almost constant increase moving from the bottom to the top of the distribution,

SReference years are 3- to 4-year averages. More specifically, reference year 2005 corresponds to 2004—2006, reference
year 2008 to 2007—-2009; reference year 2011 to 2010—2013, reference year 2015 to 2014-2017 and, finally, reference year
2019 to 2018-2020.

"“Data for each country are available upon request.

"The growth rates have been calculated based on the percentage variation of incomes between 3-year average incomes es-
timates centred on reference years 2005 and 2019.
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Figure 3: Incidence of Geographic Areas in the Composition of Ventiles in the European Union
(EU) Global Distribution. 2005-2020. Farm Households versus Total Population. [Colour figure

can be viewed at wileyonlinelibrary.com]
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Notes: The x-axis shows ventiles of the global income distribution in the whole period (2004—
2020). The y-axis shows the share of total EU households (top panel) and the EU farm households
(bottom panel) belonging to each ventile for the Western continental, Central Eastern and Mediter-
ranean countries. Source: Own elaborations on EU Statistics on Income and Living Conditions

data.

reflecting the overall increase of inequality with poorer households suffering the higher
decrease in income (remarkably severe in the lowest percentiles) within the FH group dur-
ing the entire period. Interestingly, FH below the 99th percentile of the global distribution

experienced a decrease in their incomes worse than the average of the total population.
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Figure 4: Growth Incidence Curves for Farm Households and Total Population. 2005-2019. An-
nual Growth Rate by Income Quantile.

3
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Notes: The x-axis shows ventiles of the global income distribution in the whole period (2004—
2020). The y-axis shows the growth rate of the ventiles’ average income. The background of the
graph represents the share of farm households in each income ventile in the three geographic areas
(as in Figure 3, bottom panel). Dotted lines represent the growth rate of income in the mean of the
two groups. Source: Own elaborations on European Union (EU) Statistics on Income and Living
Conditions data.

Conversely, FH belonging to the top 1% of the distribution improved their position rela-
tive to the other households in the same percentiles. These households mostly live in the
Western Continental member states, with a minor share coming from Mediterranean and
Central Eastern countries.

5. Farm versus Nonfarm Household Income across the Whole Income Distribution:
A Regression Analysis

This section explores income gaps between FH and NFH by using regression analysis to
control for observable characteristics and for differences along the income distribution.
We consider the results of an OLS regression [Equation (1)] and complete them by using
an UQR [Equation (2)] at the European level (Table 2) and then at the country level
(Table 3). We also investigate specific time dynamics by analysing the evolution of the
income gap before and after the Great Recession (Tables 4 and 5). Note that the dependent
variable, that is, the household disposable income is expressed in logarithm.

We account for observable differences between FH and NFH using a set of variables
generally assumed to affect income: age (agehead), education (educhead), marital status
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Table 1: Average Values of Covariates in the FH and NFH Groups. Mean Difference Test.

Quartile FH NFH p>t FH NFH p>t
agehead marriedhead

1 49.564 55.132 Hokk 0.666 0.367 Hokk

11 51.225 56.339 Hokx 0.727 0.439 Hkx

11 51.778 53.628 wkx 0.735 0.493 Hkx

v 51.411 52.745 Hokk 0.697 0.542 ok
educhead hh_rural

I 2.309 2.235 Hokx 0.843 0.332 Hokk

1T 2.440 2.462 0.810 0.301 Hkx

111 2.611 2.958 Hokk 0.765 0.250 kK

v 2913 3.735 ok 0.699 0.180 Hokk
malehead hh_size

1 0.832 0.519 wkx 2.399 1.573 Hkx

1T 0.820 0.578 ok 2.410 1.556 Hokk

11 0.833 0.650 ok 2.340 1.605 Hokk

v 0.821 0.695 wokx 1.998 1.550 Hkx
healhead

1 1.569 1.296 Hokk

11 1.569 1.380 Hokx

11 1.591 1.524 wokx

v 1.657 1.657

Notes: Average differences between FH and NFH across observable characteristics and quartiles (age, education, sex,
health, civil status, urban/rural residence and number of the member of the households). p-values of r-test are reported.
Abbreviations: FH, farm households; NFH, nonfarm households.

p<0.1."p <0.05.""p<0.0l.

(marriedhead), health condition (healhead) and sex of the householder (malehead), the
number of family members (h/h_size) and the urban/rural residence (hh_rural) of the
household.*

Farm versus Nonfarm Income Gap across the Whole Distribution

Before moving to regression analysis, we investigate whether FH and NFH differ in their
observable characteristics. Table 1 reports the average of each of the above characteristics
for FH and NFH along the income distribution. We also report the p-value of a #-test to
assess if the difference is statistically significative. In almost all quartiles, the two groups
differ considerably: the householders of the FH are more likely to be younger in all quar-
tiles, more likely to be educated in the bottom 25th, but less likely to be educated in the
top two quartiles, more likely to be male in all quartiles, more likely to be healthier except
in the top 25th and more likely to be married in all quartiles. Finally, looking at the house-
hold’s characteristics, as expected, FH are more likely to live in rural areas and more
likely to have large families. Overall, Table 1 provides evidence that we need to control
for observable characteristics given the significative differences amongst the two groups.

We now report estimates of OLS regression and UQR using the above covariates as
control. All estimations consider bootstrapped standard errors. Moreover, non-parametric

18Description statistics and definition of our variables are provided in Appendix S1 (Tables S5 and S6).
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bootstrap confidence intervals are reported in the tables in Appendix S1 following Lin et
al. (2013) that recommend reporting effect sizes, since large sample size leads to small p-
values.

The OLS results (first column of Table 2) show that the variable of interest (the farm
household dummy) has a negative coefficient pointing to FH being worse off than
NFH. However, OLS only gives information about the means which can be of limited in-
terest if we suspect the presence of important heterogeneities along the entire distribution.
For such reason, we report in Table 2 also the results of the UQR. We find that whilst the
lower quartile (25th) and the median (50th) still show FH being worse off than NFH, the
upper quartile (75th) instead reveals that richer FH are even richer than NFH. Such results
give strength to the above descriptive analysis, but it also allows to control for observed
characteristics as done in other studies (Katchova 2008; Marino et al. 2021). The sign and
significance of the covariates in Table 2 are in line with the literature: households whose
headholder is middle-age, educated, male, in good health and married, not living in rural
areas and not having many children are more likely to be richer.

The above results however rely on the assumption that inequality can be conceptual-
ized only at the EU level (Lakner and Milanovic 2015). To relax this assumption, we also
explore inequality at the country level as anticipated in the Introduction I. In Table 3, we
report, for the sake of brevity, only the coefficient referring to the farm—nonfarm income

Table 2: OLS and UQR estimates at the whole European Union level 2004—2020. All countries
(Euro 2015, PPP).

Variables OLS Q25 050 Q75
farm household —0.2931*** —0.2742%** —0.0620%** 0.0359%**
(0.0018) (0.0018) (0.0016) (0.0012)
agehead 0.0198%#* 0.0079%%* 0.0225%%%* 0.029 1 #**
(0.0003) (0.0004) (0.0004) (0.0003)
agehead squared —0.0001*** —0.0000%** —0.0002%** —0.0002%**
(0.0000) (0.0000) (0.0000) (0.0000)
educhead 0.1629%** 0.1330%** 0.1559%** 0.1741%**
(0.0005) (0.0006) (0.0010) (0.0011)
malehead 0.1061%** 0.0969%** 0.1063*** 0.0993***
(0.0016) (0.0020) (0.0021) (0.0015)
healhead 0.1028%** 0.1197%** 0.1026*** 0.0842%**
(0.0007) (0.0015) (0.0015) (0.0008)
marriedhead 0.1134%%** 0.1386%** 0.0647%%* 0.0534%**
(0.0014) (0.0019) (0.0016) (0.0017)
hh_rural —0.1034%** —0.12971*** —0.0616*** —0.0461***
(0.0010) (0.0021) (0.0015) (0.0012)
hh_size —0.0572%** —0.0484%** —0.0604*** —0.0637%**
(0.0006) (0.0009) (0.0010) (0.0009)
Constant 8.3265%** 8.3867*** 8.4261%** 8.5726%**
(0.0061) (0.0089) (0.0143) (0.0107)
R-squared 0.413 0.347 0.311 0.221

Notes: The dependent variable is the logarithm of real equivalized disposable household income (PPP) in euro. Bootstrap
standard errors in parentheses. Observations: 1,627,328; Country and Year dummies included.

Abbreviations: OLS, ordinary least squares; PPP, purchasing power parities; UQR, unconditional quantile regression.
p<0.1.7p<0.05 " p<0.01.
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Table 3: OLS and UQR Estimates. Farm Households Dummy Coefficients 2004—2020. Whole
Sample and Selected Countries (Euro 2015, PPP).

Country OLS 025 050 075
European Union —0.293]*** —0.2742%%x —0.0620%+** 0.0359%#%
(0.0018) (0.0018) (0.0016) (0.0012)
Finland —0.023 1%+ —0.0266** 0.0047 0.0799%+*
(0.0090) (0.0104) (0.0091) (0.0098)
France —0.1195%** —0.2023%** —0.0761%+* 0.0280%**
(0.0011) (0.0026) (0.0024) (0.0020)
Italy —0.1425% % —0.1244%%% —0.050 1% 0.0024
(0.0097) (0.0113) (0.0091) (0.0116)
Poland —0.3042%** —0.285]*** —0.2469%+* —0.2053%**
(0.0031) (0.0048) (0.0039) (0.0025)
Romania —0.5173%** —0.7525%%* —0.3396%** —0.1556%%*
(0.0081) (0.0207) (0.0080) (0.0067)

Notes: The dependent variable is the logarithm of real equivalized disposable household income (PPP) in euro. Bootstrap
standard errors in parentheses. Number of observations for each country reported in Tables S7—S12. Year dummies included
(regressions at the European Union level also include country dummies).

Abbreviations: OLS, ordinary least squares; PPP, purchasing power parities; UQR, unconditional quantile regression.
p<0.1. "p<0.05 "p<0.01.

gap (y), namely, the coefficient of the farm household dummy of Equations (1) and (2).
Results for single countries are contrasted with those at the EU level from Table 2. Com-
plete regression tables are reported in Appendix S1 (Tables S7—S12).

Whilst OLS coefficients in the selected five countries show a significative and negative
sign similar to the on at the EU level, the picture emerging from the UQR estimates is par-
ticularly revealing of specific countries’ heterogeneities. In countries belonging to the
Central Eastern countries like Poland and Romania, FH are worse off in all quartiles of
the distribution. Conversely, in some countries of the Western and Mediterranean, more
specifically Finland, France and Italy, FH in the upper quartile are better off than NFH.
The sign of the FH dummy is positive and significative (but not in Italy). Our findings
are consistent with those obtained in previous analyses on the EU (de Frahan
et al. 2017; Marino et al. 2021; Rocchi et al. 2020) comparing the income gap between
FH and NFH and showing that farm household of rich countries tend to be richer than
their nonfarm counterpart.

Time Dynamics: The Role of the Great Recession

In the present section, we explore time dynamics of the farm—nonfarm income gap. To
gain insight from specific time shocks, we decided to focus on the Great Recession be-
cause of its relevance for household wellbeing. To do so, we created a dummy (afferGR)
taking value 1 in the years after the financial crisis, namely, after 2009. We then include
this dummy in the regressions as well as its interaction with the farm household dummy
(afterGR_farm household) to explore what happened to the gap between farm and non-
farm household before and after the Great Recession. Tables 4 and 5 provide evidence
for the EU and the five countries.
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Table 4: OLS and UQR Estimates at the Whole European Union Level 2004—2020. All Countries
(Euro 2015, PPP).

OLS Q25 050 Q75
Variables Coeff’ Coeff’ Coeff Coeff
farm household —0.3006%** —0.3249%** —0.0720%** 0.0283***
(0.0014) (0.0023) (0.0013) (0.0013)
afterGR 0.0019 0.0390*** 0.0080*** —0.0169***
(0.0019) (0.0024) (0.0017) (0.0016)
afterGR_farm household 0.0099%** 0.0712%** 0.0140%** 0.0118%**
(0.0029) (0.0027) (0.0024) (0.0021)
agehead 0.0199%** 0.0081*** 0.0225%** 0.0291***
(0.0003) (0.0004) (0.0004) (0.0003)
agehead squared —0.0001*** —0.0000%** —0.0002°%** —0.0002°%**
(0.0000) (0.0000) (0.0000) (0.0000)
educhead 0.1638%** 0.1350%** 0.1567%** 0.1739%**
(0.0006) (0.0006) (0.0010) (0.0011)
malehead 0.1057%%* 0.0962%** 0.1059%** 0.099 1 ##*
(0.0016) (0.0021) (0.0022) (0.0016)
healhead 0.1045%** 0.1227*** 0.1042%** 0.0846%**
(0.0008) (0.0016) (0.0015) (0.0008)
marriedhead 0.1120%** 0.1360%** 0.0633%** 0.053 1 ##*
(0.0014) (0.0019) (0.0017) (0.0017)
hh_rural —0.1023*** —0.1273%** —0.0604*** —0.0455%**
(0.0010) (0.0023) (0.0016) (0.0013)
hh_size —0.0573%** —0.0484%** —0.0604%** —0.0638%**
(0.0006) (0.0009) (0.0010) (0.0009)
Constant 8.3261%** 8.3577%** 8.4535%** 8.6157%**
(0.0062) (0.0095) (0.0141) (0.0108)
R-squared 0.411 0.345 0.310 0.220

Notes: The dependent variable is the logarithm of real equivalized disposable household income (PPP) in euro. Bootstrap
standard errors in parentheses. Observations: 1,627,328; Country dummies included.

Abbreviations: OLS, ordinary least squares; PPP, purchasing power parities; UQR, unconditional quantile regression.
p<0.1. "p<0.05 " p<0.01.

Table 4 shows that our main result of interest is robust in spite of the different model’s
specification: the OLS coefficient of the farm household dummy is still negative as well
as the UQR coefficients in the lower quartiles, whilst the UQR coefficient in the upper
quantiles still shows that that FH are richer than NFH. However, by looking at the coef-
ficient of the interaction between FH and the Great Recession, Table 4 shows that the
farm—nonfarm gap has narrowed after the Great Recession in the lower quartiles (25th
and 50th) whilst the income advantage has further increased in the upper quantile
(75th). According to this evidence, FH incomes seem less affected by the negative conse-
quences of the 2008 macroeconomic downturn than NFH. This is not surprising given the
usual view of agriculture as counter-cyclical industry, mainly producing to satisfy an in-
come inelastic component of final demand (food). Our findings are in line with evidence
about the higher resilience of farming sector during the Great Recession (Giannakis and
Bruggerman 2020; Petrick and Kloss 2013).

We now move to analyse the income dynamics within the five countries: Table 5
shows again that our previous results are robust. But the picture is substantially different
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Table 5: OLS and UQR Estimates Farm Households Dummy and Interaction with GR Dummy
Coefficients 2004—2020. Whole Sample and Selected Countries (Euro 2015, PPP).

Country Variables OLS 025 050 075
European Union  farm household —0.3006***  —0.3249%*%*  _(.0720*** 0.0283***
(0.0014) (0.0023) (0.0013) (0.0013)
afterGR_farm household 0.0099*** 0.0712%** 0.0140%*** 0.0118%**
(0.0029) (0.0027) (0.0024) (0.0021)
Finland farm household —0.0265* —0.0156 0.0058 0.0926***
(0.0140) (0.0140) (0.0114) (0.0107)
afterGR_farm household 0.0024 —0.0203 —0.0057 —0.0254
(0.0175) (0.0190) (0.0163) (0.0174)
France farm household —0.1243***  —0.2153%*%*  —(.0723*** 0.0331***
(0.0021) (0.0031) (0.0030) (0.0022)
afterGR_farm household 0.0098*** 0.0223***  —0.0050* —0.0044*
(0.0018) (0.0028) (0.0028) (0.0024)
Italy farm household —0.0992%**  —0.1003***  —0.0305%** 0.0009
(0.0100) (0.0187) (0.0094) (0.0052)
afterGR_farm household  —0.0718%***  —0.0405%* —0.0347** 0.0024
(0.0172) (0.0221) (0.0158) (0.0189)
Poland farm household —0.3440%**  —0.3822***  —(0.2220%**  —0.1186***
(0.0040) (0.0098) (0.0040) (0.0035)
afterGR_farm household 0.0637*** 0.1482%**  —0.0312***  —(0.1230%%**
(0.0046) (0.0101) (0.0049) (0.0052)
Romania farm household —0.4464***  —0.7406%**  —(0.2773***  —(0.0581***
(0.0096) (0.0203) (0.0075) (0.0087)
afterGR_farm household  —0.1095*%**  —0.0302 —0.0962%**  —(),1458%**
(0.0125) (0.0211) (0.0098) (0.0105)

Notes: The dependent variable is the logarithm of real equivalized disposable household income (PPP) in euro. Bootstrap
standard errors in parentheses. Number of observations for each country reported in Tables S13—S18 in Appendix S1. Re-
gressions at the EU level include country dummies.

Abbreviations: GR, Great Recession; OLS, ordinary least squares; PPP, purchasing power parities; UQR, unconditional
guantile ri:gression. .

p<0.1. p<005 p<0.01.

amongst countries. For instance, whilst in Finland the financial crisis seems to have had
no effect on the gap, in France, it has instead narrowed the gap in the lower quartile
(25th). Italian FH who were already worse off than NFH, especially those at the 50th
quartile, were further hit by the Great Recession. However, FH in the upper quartile
slightly improve their position relative to their NFH. In Poland, FH at the 25th quartile
have seen the gap with their nonfarm counterpart reduced after the Great Recession,
but the opposite happened at the 50th and 75th quartiles where FH experienced a worsen-
ing of their disadvantage with respect to NFH. Finally, Romanian FH at the 50th and 75th
have experienced the same trend of the Poland FH.

These differences within the countries cannot be easily explained because of the many
factors that could have played a role in it. Although it is not within the scope of this arti-
cle, it is worth mentioning some factors that might explain the FH-NFH heterogeneity be-
tween countries and within quartiles after the Great Recession, for example, the different
timing of the entry in the EU, difference in credit availability and interest rates that create
heterogeneous exposure to the financial crisis, the different structure of the farm sector
with Romania and Poland being more commodity oriented and the significant variation

© 2023 The Authors. JCMS: Journal of Common Market Studies published by University Association for Contemporary European Studies and John Wiley & Sons
Ltd.

85U80 7 SUOWIWIOD BAIERID) 3|edl|dde 8y} Aq peusenob aJe saone VO ‘SN Jo S9N Joj ARIqITaUIIUO A8|IM UO (SUOTPUOD-PUR-SLLBY W0 A8 | IM"A eI 1 [BU U0//:SANL) SUORIPUOD Pue SWwi | 8U} 88S *[7202/90/8T] uo Ariqiauliuo A8|Im ‘(ouleAnde ) aanopesy Aq v6vET SWOITTTT OT/I0P/A00"A8| M A1 Bul|Uo//:SdNY Wo1 papeoumod ‘2 ‘7202 ‘5965894 T



336 Maria Marino, Benedetto Rocchi and Simone Severini

in specialization between subnational regions, which drives geographic heterogeneity in
economic outcomes such as unemployment, real wages and productivity (Milio
et al. 2014; Peritz et al. 2022).

6. Discussion and Policy Considerations

The present work assesses the farm—nonfarm income gap in the EU. Several works have
shown that the income gap between agricultural and non-agricultural households has
gradually decreased in the last decades (de Frahan et al. 2017; El-Osta et al. 2007;
Katchova 2008; Mishra et al. 2002). Recent analyses confirm that, once accounting for
differences in both observable and unobservable factors affecting the income level, the
gap has vanished also in the EU (Marino et al. 2021; Rocchi et al. 2020). However, such
results fall short in recognizing the complexity of the comparison amongst the two
groups. This study adds to previous analyses on the farm income gap in Europe consid-
ering three relevant dimensions of the problem.

The first dimension refers to the between-country inequality and the possible conver-
gence in the EU. The EU global income distribution shows an unbalanced geographical
pattern: FH living in Central Eastern countries belong, for the largest part, to the bottom
of the distribution and are poorer than NFH along all income distribution. In other words,
the geographical pattern of income distribution reveals that the farm income problem is
likely to be concentrated in specific regions and that FH living in Central Eastern coun-
tries experience a greater disadvantage compared with those living in the rest of Europe.

The second dimension concerns the extent of inequality existing between FH and NFH
along the income distribution. On average, FH still show an income gap when compared
with the NFH. But the results of the quantile regression also show that, whilst FH in the
lowest quantiles are likely to be worse off than their NFH counterpart, the opposite hap-
pens at the highest quantiles of the income distribution: rich FH are better off than rich
NFH. In other words, in the upper part of the income distribution, the farm income prob-
lem not only vanishes but also is even reverted in favour of FH, at least in the Western
countries of the EU.

Third, we provide evidence of inequality in the farm sector. Using growth incidences
curves, we show the unequal income growth for farm families belonging to different in-
come groups: richer FH have captured most of the total growth of the farm sector. We also
show that FH in the top part of the EU global distribution have done much better than
NFH. Such result is line with the evidence provided by previous studies (de Frahan
et al. 2017; Severini and Tantari 2013), showing that the FH sector has higher inequality
than the NFH one.

Our results seem to suggest some policy implications. The CAP income support, under
the current configuration, might not be able to bridge the income gap between FH and
NFH despite the relevant share of the EU expenditure used to finance income support pol-
icies such as direct payments. Especially poorer FH still show a disadvantage in term of
economic welfare with respect to NFH. Therefore, attentions should be given to assess to
what extent the CAP support is provided mainly to affluent FH and whether this is justi-
fied from a normative point of view. The results of our analysis show that the farm income
problem does not apply anymore to the upper part of the income distribution, suggesting
some room for manoeuvre to reform the direct payment policy along two main directions.
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First, the direct income support should be more specifically directed towards low-income
FH. Second, resources provided to richest FH should be used to overcome the structural
reasons underlying the observed income gaps in the lower part of the distribution. More-
over, a revised support to the income of FH should carefully consider also the observed
between-country inequality. A better targeted income support, whilst reducing the income
gaps between farmers from different countries, should at the same time avoid fostering
EU global inequality.

The policy implications of our results seem to be in line with the literature showing
that the problem of the poor targeting of the farm income support under the CAP is likely
to depend on structural characteristics of the sector (OECD 2003; Rocchi 2009; Severini
and Tantari 2015). The effectiveness of a sectorial policy like the CAP support (noticeably
direct payments) in achieving a social objective, namely, enhancing poorer farmers’ eco-
nomic welfare, should be questioned if such objective could be better achieved by general
fiscal and social policies. But, a homogeneous EU-wide measure for income support un-
der the CAP, to be effective, should account for other welfare policies carried out by each
EU Member States and for the co-ordination problems that might arise.

The study is affected by two limitations that it is worth mentioning here to correctly
interpret our results and to draft the research agenda for future analyses. First, data do
not allow to explicitly assess the role of CAP income support within FH income, because
of the aggregate nature of the reported income. EU-SILC data in fact do not allow to per-
form a counterfactual analysis of the impact of CAP support on farm—nonfarm income
gap. Investigating the role of CAP payments as a component of the economic welfare
of European farmers could be possible if the EU-SILC database would be extended in-
cluding this piece of information or by matching existing data from different databases.

The last limitation refers to the methodology used in the analysis. We provide a de-
scriptive analysis that we believe is extremely valuable given its novelty. To our knowl-
edge, this is the only study assessing the presence and the extent of the farm income
problem along the distribution. However, we are not able to provide estimates clean
from potential problems of unobserved individual heterogeneity. Despite quantile re-
gression could contribute to partially reduce the latter, most of our choices are deter-
mined by data availability, as the total number of FH within the EU-SILC sample is
small, and even more at the level of single quantiles. This prevented us to exploit
the panel structure of the sample, using fixed effects to reduce concerns about unob-
servable heterogeneity or to define the FH sector in a narrower way. Moreover, the
EU-SILC survey is not designed to explore the FH sector and the information provided
does not include variables suitable to be used as instruments for a causal interpretation
of our results. For all these reasons, the latter, whilst in line with those obtained in pre-
vious analyses on the same topic, should be considered only preliminary evidence to be
confirmed by further research.
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